it B oMM %

Computer Science

B3 B %%qm

2016 F 6 June 2016

g
L

SR AL BERD AL IR IR SIS

FREE S BEE
(PEVTEZRERIZFER MM 310018)

X fH: I
(PEVFEFERBRBEER WM 310018)2

B B EANERRZINEBOSME BN EEMEIRERERTRAS ING AN EERES I
(WKELM), *ERB ZFERBTHREE BNTERE ZUHEMEFBREMNEFF Detecting Particle
Swarm Optimization,DPSO) ¥ WKELM SRR BEGH 5 EAMRBMA ppso-wkELM FE =R BIRA yor
EEMEETHE BEAKERSERERRREIN KELM WKELM S EEERBTHE BHAEEEA
ERB IS KR

XA BREEIV FENETE AL SREE

hEESES TPIm1 MR ERIRAS A

Wavelet Kernel Extreme Learning Machine Algorithm Based on Detecting Particle Swarm Optimization
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Abstract In this paper.the principle of the kernel extreme machine was studied. Wavelet function was chosen to be the
extreme learning machine’s kernel function, Experiments show that this algorithm improves the classification accuracy
and increases the robustness, Based on this method, we used detecting particle swarm optimization( DPS0O) to optimize
and set the initial parameters of WKELM in order to obtain the optimal WKELM classifier DPSO-WEKELM., We used
UCI gene data for simulation. The classification results are compared with the results of radial basis kernel extreme

learning machine (KELM) and WKELM. The comparison shows that the propesed algorithm has higher classification
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