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Abstract

Linear Dynamical System(1.DS) as a description for dynamic texture can capture the transition of appearance and mo-

Linear dynamical system model combined with sparse coding is used to achieve abnormal event detection.

tion effectively. LDS is applied to describe spatio-temporal cuboids. Since LIDS does not belong to Euclidean space, tradi-
tional sparse coding techniques can not be applied. Similarity transformation combined with sparse coding based on a

principled convex optimization formulation can deal with the optimization of spare coding. The results show that the

proposed algorithm has better performance and outperforms the earlier approaches.
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