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Link Prediction in Networks with Node Attributes Based on Random Walks Algorithm
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(State Key Laboratory of Novel Software Techology, Nanjing University, Nanjing 210093, China)?

Abstract Link prediction is an important area in complex network analysis. It is widely used in various domains such as
sociology, anthropology, information science and computer science. A link prediction algorithm was proposed based on
link similarity score propagation by a random walk in networks with node attributes, In the algorithm, each link in the
network is assigned a transmission probability according to the similarity of the attributes on the nodes connected by
taking a link. The similarity of the attributes on the nodes is also treated as the initial value of their link similarity. The
link similarity between the nodes is then propagated by the random walk in the network according to their transmission

probability. At last, the link similarity is just the final score of link prediction. Our experimental results show that the

proposed algorithm can obtain more accurate results than other algorithms in the networks with node attributes.
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