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Abstract

nitoring, information retrieval and statistical machine translation(SMT) etc. This paper,after a clear definition of rela-

Sentence relevance calculation plays a very important role in various fields of NLP, such as public opinion mo-

tionship between similarity and relevance, designed a domain-specific corpus-driven calculation model of sentence rele-
vance. The model applies the linguistic data of the same domain to construct a “sentence-paragraph-article” three-level
domanial semantic space. The topic relevance of words can be figured out through calculating different factors of various
levels such as co-occurrence probability, co-occurrence average distance and sentence length etc. The paper made com-
parative experiments between the model and methods based on literal features, HowNet and Tongyici Cilin respectively

and the results show that this model has great practical value,
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