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LiveData—A Data Collecting System Based on Sensors in Smart Phones

WANG Zhong-wei SUN Guang-zhong
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Abstract With the emergence of every build-in sensor in the smart phone, users can collect, analyze and mine more use-
ful information, We introduced LiveData,an application based on Android platform which is used to collect sensor data.
Using 280 thousand data records collected by LiveData, we distinguished the behavior of users by extracting some at-

tributes. We also analyzed the impact of different sensors and different data collection environments on experiment re-
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sults.
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