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Abstract To provide useful references for the implementation of real-time and excellent image processing task, taking
the open loop tracking algorithm based on template matching in video image as an example, the tracking performance of
the algorithm based on MATLAB prototype algorithm was evaluated,and the multi-level optimization process was pre-
sented. Starting with an MATILAB prototype algorithm, we began to optimize mainly in the two aspects as below. In im-
proving real-time processing speed, more than 10 levels of optimizations are applied to speed up the algorithm,including
C language speeding,multiplication speeding, release speeding, merge operation, CUDA speeding and so on. In terms of
improving the correct rate,simple multi-pattern strategy is used. Testing results indicate that the algorithm reaches per-
formance of 30Hz real-time image process and tracking rate of the algorithm is also promoted greatly.
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(x+xx))5h} // ’ )
sum=0;// 0 ’
for yy=1:a( // memcpy () (  Line5 ),
a pSubl,

for xx=1a{ //
sum—+ =pSubl[yy* a+xx];}}//
mean=sum/(a%*a);//
for yy=1:a{ //
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