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Abstract Text data is the most natural way of storing and exchanging information. Text mining technology can disco-
ver knowledge patterns hidden in massive text data. The text data mining and related search technology were studied in
the paper, Firstly, text information is extracted by text parsing and extraction, word preprocessing and indexing. Then
the theme information model based on latent semantic relations is used to mine the hidden topic information in large
amount of text data. Finally, the topic model is used to calculate the relevance degree of keywords. In order to achieve
the associated search,a prototype system of text data mining and association search is implemented. Subject discovery
and association search were performed on Tancorp dataset,and the process of association search was displayed synchro-
nously with visualization and Web page.
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