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Chaotic Gray Wolf Optimization Algorithm with Adaptive Adjustment Strategy

ZHANG Yue SUN Hui-xiang WEI Zheng-lei HAN Bo
(Aeronautics and Astronautics Engineering College, Air Force Engineering University, Xi’an 710038, China)

Abstract Gray wolf optimization is a new optimization algorithm. Compared with other groups,it has the problems of
low convergence speed,unstable and easy to fall into local optimum. According to the structural characteristics of the
GWO algorithm, a chaotic gray wolf optimization algorithm based on the adaptive adjustment strategy was proposed.
The adaptive adjustment strategy is used to improve the convergence rate of the GWO algorithm. The chaotic local
search strategy is used to increase the diversity of the population and avoid search process falling into the local optimal,
Finally, six algorithms are used to simulate the algorithm,and the other four algorithms are compared. The experimental

results show that the proposed algorithm has obvious advantages in terms of convergence speed,accuracy and stability.
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