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Skeleton Parsing Based on Multi-layer Maximum Entropy Model
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Defense Technology,Changsha 410073, China)

Abstract The main task of Skeleton Parsing is to identify the skeleton of a sentence automatically. Chinese Skeleton
Parsing is a key problem in NLP. Because of the interrelation of the skeleton in the same context,a Multi-layer Maxi-
mum Entropy Model(MMEM) for the skeleton parsing was proposed, The low-layer ME analyzed skeleton by the con-
text features while the high-layer ME analyzed skeleton by both the result of the low-layer ME and the features between
sentences. The experiment showed that MMEM was efficient for Chinese skeleton parsing. A high precision was a-
chieved under a small corpus while it was dependable on the scale of corpus, With the increasing of the corpus, the preci-

sion of MMEM improves slowly.
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