BIH B

Vol. 37 No. 7

Ll it ' B %
July 2010

Computer Science

-~

2010 4 7

am

k% 3E IF £ #% Huber-SVR &) SMO & %

AR HRE
(EEHAFTAHAELE Lk 2019007

AR K R
(LB A¥HHNTRFR L4 214122)°

B E SdEASMOSRERF IR GEIREMSVRER MG R L4, SVR B KM MHELR—RTH
BERAANPEGE LR, S TFEEERH T TRAEAFTHRSUBEG A oF G, BRTALKFLR
AME, FIR R T — T K AEER 6 Huber-SVR 8 SMO 53k, 2 T AN A RAX iRt THESH
%, OTFREEETALBRAAEEZH SVR, BT B AAEEL Y Huber-SVR AT E 2R X%, 55
G524 Huber-SVR #9 282 Rt /70085, F8 A, 45T Huber-SVR & &, X ik EZHOILERBA L4565 @A
Fo AR EE X GLA T L AEE E X 4549 Huber-SVR # SMO ik A A S, X—F L TRAES 2 e
SVR ¥,

x@in FEEH.EFESMOLE, £ HGTE M

h@EEH#E TPIS3 ERARIRED A

SMO Algorithm for Resolving Huber-SVR with Non-positive Kernels
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Abstract A new SMO algorithm for SVR was proposed which can solve the SVR with non-positive kernels. In our
SMO algorithm, the problem of solving SVR model is decomposed into a series of sub-problems of seeking the minimum
of parabola within a limited range. Such minimum can be found because only the symmetry axis direction of some parabo-
las is changed as respect to non- positive kernels. Hence, we derived relevant iterative formula of SMO method for Hu-
ber-SVR and designed the relevant algorithm, Some necessary proofs about the algorithm were also given. Based on our
SMO algorithm, we did both regression experiments and prediction experiments using Huber-SVR with non-positive
kernels,and compared the experimental results with that of Huber-SVR with positive kernels. The experimental results
showed that some non-positive kernels may have better regression performance and better prediction performance than

positive kernels,and this confirmed the validity and necessity of our algorithm, This method can also be extended to the

other SVR.
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