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Rules Reduction for Decision Table Based on Cloud Model

DAI Jin HE Zhong-shi
(College of Computer Science, Chongqing University, Chongqing 400030, China)

Abstract Through decision table transformation, the rules were mapped to cloud vectors. The equivalence relations be-
tween the rules were reckoned using the similarity between the cloud vectors’ digital characteristics. On this basis, a
rules reduction algorithm for decision table based on cloud model was proposed. It not only resolves the problem that
the equivalence relation based on rough set theory doesn’t distinguish the similar relationship because it requires matc-
hing strictly each attribute, but also overcomes the shortcomings that the equivalence relation based on fuzzy set relies

on the priori knowledge and considers inadequate to the random distribution of attributes. Experiments show the algo-

rithm has high performance.
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