45 % FI11AM 2 R N ] M = S Vol. 45 No. 11A
2018 4 11 A COMPUTER SCIENCE Nov. 2018
v = =74 J =R N
ETFHEHYEBHT a2 AhMNEGE
Rt s ETHEE XEH
(P AMEAFEENFEIREFK JxE 100081
B OE ORAPCTERLLERESTG ARG, P AT P W E kL 4R T — A AR TOP-

SIS ke A st i, AR B MG oy P o F &, AP WM E Tk TARAEELLME T HEET EBHY
HL, B, BBy mETAMNBEMF P ORMNEFTEORE  AFA—AEZHRGHELLER, REAKMBMEHIIET AT
R AH R,

KEWR AEM&POFE PSR E, A, TOPSIS %

FEESES TP393 XHkARIZES A

Measuring Method of Node Influence Based on Relative Entropy
CEHN Jun-hua BIAN Zhai-an LI Hui-jla GUAN Run-dan

(School of Management Science and Engineering,Central University of Finance and Economics,Beijing 100081, China)
Abstract Recognizing central nodes is a key problem in complex network analysis, this paper proposed a method of rel-
ative entropy using TOPSIS (Technique for Order Performance by Similarity to Ideal Solution) method to identify the
influential node in the network. The existing central measure methods can be considered as determining the rank of each
node attribute in a complex network. Therefore, the method proposed in this paper can use the advantages of various

central measure methods to obtain a better ranking result. Finally, the validity of the proposed method was verified by

numerical experiments.
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