http: /www. jsjkx. com

DOI:10. 11896/jsikx. 191000072

St A 2
COMPUTER SCIENCE

KYFESE-REREE R

PUERY BIFR’

Il WAMAXF¥BRFEHREZF ¥

2 \WARAFHFFKR FFE 250100
(sdfiljq@126. com)

¥ 250014

W OE XL B TAIRKELSM BREERGRKRKESI B BROUBEKRKBIES AN X EEA, 58T XEBEF- o8
FEABRRBBER-FrMBERZECMNOBREREL AKERSGOTHRARTEL KKBERSGIES £ L KIIEH B
SR AENE REB S B RAEEROFREEE A5 I 2, AR XL B LR EXME LM RETRERGEA, X
PR T N KBEIEHGAAE, N B KHIEAA A P-E SRR ITH 6,

KW KB o M-mR AR ER AR &

REESES 0144, TP391

Big Data Decomposition-Fusion and Its Intelligent Acquisition

LIU Ji-qin' and SHI Kai-quan®

1 School of Mathematics and Quantitative Economics,Shandong University of Finance and Economics,Jinan 250014, China
2 School of Mathematics,Shandong University, Jinan 250100, China

Abstract The concepts of big data decomposition-fusion and big data distance generated by big data decomposition and fusion are
given. By using these concepts,an union-intersection decomposition theorem of big data,an intersection-union decomposition theo-
rem of big data and their attribute conjunction relation are given. Intelligent generation theorems and the distance relationship of
big data fusion are given. A recognition criterion of big data decomposition-fusion,an intelligent algorithm and algorithm process
of big data decomposition-fusion acquisition are given. The application of these theoretical results in big data decomposition-fusion
intelligent acquisition is presented. In this paper,the new characteristics of A -type big data are given, A -type big data is obtained
by using P-sets model.
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