FaK B

w

4l B OB %

Computer Science Mar 2014

2014 4F 3

pus

—METERRESNERLUNER

KEE B C B W
(ERAZWENSFRREELASHAERTERLELE  EX 400040

i B MR KESRBEAESTLHRER TAERASENMBEN, AR kB BERLAIYRLEY
Wik R, B, o MiB kK BEAE S P RASR kEA—AA AL, RET —HHFHERXLEZ—HR
R, EXREERELAH KAV INAERAG T LA EEH T RBARY. 4 ERENR G HoR M, BT H T
ARBEREREL E L5084 R L T 8 RRMEARGH 6 & F40m 5L ODb3N, FR AW, ZH & RN
BET kiEAA T AHMMHREENM, m LS E AR AR ERHE,

REIR kAR, §RREAR, BRAED, BAR

hEESHEE  TP301/TP391 XEARIRE A

Outlier Detection Algorithm Based on Natural Nearest Neighbor

ZHU Qing-sheng TANG Hui FENG Ji
(Key Lab of Software and Technology, College of Computer Science, Chongqing University, Chongqing 400044, China)

Abstract When the k-nearest neighbor method is used,it is difficult to choose an appropriate parameter k of the algo-
rithm which affects obviously its efficiency and performance, Natural nearest neighbor proposed by us is a novel concept
on nearest neighbor, in which each point’s neighbors are formed by an adaptive algorithm without parameter k. In this
paper, we proposed an outlier detection algorithm based on natural nearest neighbor(ODb3N) by means of modifying it-

eration stop condition. The experiments show that our method not only has the advantage of non-parameter, but also has
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the ability to discover both the outlier and the cluster of outliers,

Keywords k-nearest neighbor, Natural nearest neighbor, Qutlier detection, Cluster of outliers
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