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Algorithm of Network Traffic Feature Selection Based on PCA and Tabu Search
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Abstract A network traffic feature selection method using principal component analysis and tabu search(PCA-TS) was
proposed for the purpose of the efficiency and quality when using fecture selection. This approach reduces high-dimen-

sional features using PCA and gets the optimal feature subset on the basis of tabu search. Experiment shows that PCA-

TS method has better efficiency and selection accuracy compared with GA and PSO-SVM.,
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