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Abstract Clustering is an important technique in data mining, and it is used to divide the congregation of physical or
abstract objects into multiple classes consisting of similar objects, How to apply the traditional clustering algorithm into
the clustering of large scale data is the hot research issue in the current data research field, This article conducts the theo
ry analysis and comparison on the principle of three kinds of clustering algorithms of Canopy. Standard K-means and
Fuzzy K-means in opernrsource machine learning software library—Mahout under cloud computing platform—Hadoop
and the achievement of MapReduce,and on the cluster constructed by the nodes with different number, under the data
sets with different scales,conduct experiment on the three kinds of clustering algorithms.and then conduct comparison
from the three aspects of speedup ratio,scalability and scale growth, The experimental results show that.in parallel en-
vironment , the running speed of Canopy algorithm is the fastest, K-means algorithm is the second and Fuzzy K-means is
the slowest;the three kinds of algorithms have better speedup ratio. and among them, the speedup ratio of Canopy algo-
rithm is the best,the speedup ratio of Fuzzy K-means algorithm substantially increases after the amount of data and the
number of nodes achieving a certain scale; the three kinds of algorithms have better scalability and scale growth, and
among them.the scalability of Canopy algorithm is the best, the increasing amplitude of scalability and scale growth of
Fuzzy K-means algorithm is the largest,
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