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Abstract Power consumption management has become one of important issues in cloud computing. This paper designed
and implemented a new meta-heuristic scheduler, in which the proposed self-adaptive particle swarm optimization (SAP-
SO) is used to detect and track the changing optimal target servers for virtual machine( VM) provisioning in the re-
source pool. The method considers resource dynamic and the power consumption of busy ser-vers with different loads as
well as idle servers in different sleep states, minimizing the incremental power in VM mapping due to workload mapping
without degrading performance. Simulations show that the proposed power aware SAPSQ is significantly effective to

minimize the power consumption increment without compromising both the performances of the VM mapping and QoS
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with SLA to cloud users.
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