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Abstract Software testing is crucial to ensure software quality. However, the complexity and cost will increase a lot
with the growing variety of software structures and functionality, Automated test case generation is aimed at reducing
the high cost as well as improving the reliability of the test results. This paper mainly discussed the technology of auto-
mated test case generation based on evolutionary algorithm. By comparing the testing efficiency of different algorithms
on several classic programs, SPEA2+SDE performs best among all the algorithms in generating the test case automati-

cally. Finally, we used Kruskal-Willis test to analyze the test results, proving that the conclusion above is general and re-
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liable.
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