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Abstract Sparsity adaptive matching pursuit (SAMP) algorithm is a widely used reconstruction algorithm for com-
pressive sensing under the condition that the sparsity is unknown. In order to optimize the performance of SAMP algo-
rithm,an improved sparsity adaptive matching pursuit(ISAMP) algorithm was proposed. The proposed algorithm intro-
duces generalized Dice coefficient for matching criterion, which improves its performance in selecting the most matching
atom from measurement matrix for residual signal. Meanwhile, it uses threshold method to select preliminary set and

adopts exponential variable step during the iteration. Experimental results show that the proposed algorithm improves
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reconstruction quality and computational time.
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