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Abstract In e-commerce,a user’s selection of item largely depends on the trust relationship of users. Traditional re-
commender algorithms usually consider the static relationship between users, that is, the depended relationship for deci-
sion is changeless. In order to describe the importance of static trust relationship in recommender system, this paper
proposed a dynamical trust relationship based recommender algorithm, First, we proposed a generative model that takes
both static user inte-rest and static trust relationship into consideration. Then, we added temporal factor into user inte-
rest and trust relationship,and proposed corresponding dynamical generative model. The experiments show that the pro-

posed algorithm can describe the dynamical trust relationship between users,and has better prediction accuracy than re-
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lated algorithms.
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