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Abstract

in drug discovery. However, experimentally determining the interactions between GPCR and drug is time-consuming and

Accurately identifying whether a G-protein-coupled receptor(GPCR) will interact with a drug is a crucial step

expensive, Hence, developing automated prediction methods for GPCT-Drug interaction prediction solely from protein
sequence is in urgent need. In this study,a new sequence-based method for GPCT-Drug interaction prediction was pro-
posed. Evolutionary information feature from protein sequence and footprint feature from drug were combined to form
discriminative feature, And the optimized evidence-theoretic K-nearest neighbor (OET-KNN) prediction algorithm was

taken as classifier. Experimental results demonstrate that the proposed method achieves good performance and can act

as complementary predictor to existing methods.
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