Haz k5

1 U

Computer Science

a0

2015 4F 4 Apr 2015

MAEZHRERAFRNREBERERSEAR

PR X/\BF?
(PEARAZA¥ RS EABRT ¥R 3 100038)! (HE TH¥EITENFEBRE N 450007)2

i E ATAZIBESEAHBTREPHIEALHEARERARGHMIEEB S EHE BB T —FEICHEAATRE
Bogit B Ak, Il A R Ak A £ A BT LRI AR R A A AL AR BARIE, RERANEE T Y
S EF EFABEREHFH R EHHBAMOGURAZ, FRAW, AFEMNANCHHEAATHREE . 46— T AL
B AR 6 3R R E AL E A IR A AU K 4 M B S R B A A S R A BRERAR T AR MR,

KREBWE HEATEEE WAL L, EGRR, FEMGRAE, HF

FEES T TP391 XERFRIAE A DOI 10, 11896/). issn. 1002-137X. 2015, 4. 042

Research of Microblog Sentiment Classification Based on Emotional Polarity Certainty for Vocabulary
GU Yijun! LIU Xiao-ming®
(College of Network Security,People’s Public Security University of China, Beijing 100038, China)!
(School of Computer Science, Zhongyuan University of Technology, Zhengzhou 450007 ,China)?

Abstract To improve the sentiment classification precision, the paper proposed a method to determine the certainty of
sentiment. The method takes account of multiple sentiment features of vocabularies in the sentiment database and identi-
fies the clause giving opinions, It classifies the clauses into different emotinoal polarities through machine learning. The
experiment shows that the proposed method employing the certainty of the sentiment unifies the emotional polarities

measurement, It has a better performance on identifying the clause giving options and emotional polarity classification.
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