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Abstract At present,the research of multi-scale data mining mainly focuses on space image data,and recently has pro-
duced some results on the general data,including the multi-scale clustering and multi-scale association rules, but it has
not been involved in the field of classification mining. Combining with fractal theory, this paper applied the theory,
knowledge and methods related to the multi-scale data mining to the areas of the classification mining,and proposed an
approach of similarity measure based on Hausdorff. Relative to the definition of weight through experience, this paper
clearly defined it by the similarity of generalized fractal dimension to improve the precision of similarity measure. Then,
this paper proposed a multi-scale classification scaling-up algorithm named MSCSUA (Multi-Scale Classification Scaling-
Up Algorithm). At last, this paper performed experiments on four UCI benchmark data sets and one real data set (H
province part of the population). The experimental results show that the thought of multi-scale classification is feasible

and effective, the MSCSUA algorithm performs well in terms of classification than SLAD, KNN, Decision Tree and
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LIBSVM algorithms on different data sets.
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BT Z0.09, BlABHTARNREES —2HME L
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KNN Decision Tree LIBSVM
HiEE — MSCSUA
¥ —F - %R %—F - %= %R ¥R EZE
Tonosphere 0.6917 0.7213 0.7676 0. 6859 0.7166 0. 7604 0. 7584 0. 7730 0.8126 0. 8522
PID 0.6567 0.6574 0.6678 0.6151 0. 6698 0. 6962 0.5539 0.5789 0. 6345 0. 6887
Spambase 0. 7644 0.7894 0.7986 0.7545 0.8048 0. 8089 0.7640 0.7785 0.7938 0.8076
wine 0. 8882 0.9338 0. 9583 0.8388 0.8672 0.8757 0.9225 0.9342 0.9552 0.9780
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£ 6 BN NMIES5 R
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