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Abstract The multiple-valued intuitionistic fuzzy set is extending the traditional intuitionistic fuzzy set, Comparing with
the traditional ntuitionistic fuzzy set, the multiple-valued intuitionistic fuzzy set has better abilities to descript the indefi-
nite, unprecise and incomplete information, But one of the important problems to be solved in applying the multiple-va-
lued intuitionistic fuzzy set is how to fuse these criterions of membership and the nonmembership into one criterion of

membership and the nonmembership, thus obtain the synthesis judgment criterion. This paper researched on this ques-

tion, and constructed several fusion methods for them.
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