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Multi-level Associative Classifier Based on Class FP-tree

LI Lin SHAQO Feng-jing YANG Houjun SUN Ren-cheng
(Information and Engineering Department, Qingdao University, Qingdao 266071, China)

Abstract Focused on the problem that the traditional multi-level associative classification mining cause a lot of redun-
. dancy rules which affecte the efficiency of classification, this paper presented an improved multi-level associative classifier
based on Class FP-tree named MACCF (Multi-level Associative Classifier based on Class FP-tree). It is to plot the
training set based on the class property of records,using CLOSET- generates to complete candidate item set, through
the proposal inside and outside prune strategies reduce most of redundancy and has improved the accuracy; adopting

cross associative method to solve the cross-level classification, experimental results show its high efficiency in classification,
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