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Research on Event-based Method for Text Representation
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Abstract By studying some traditional text representation models, this paper considered the event as a basic semantic
unit for narrative texts,and presented a new event-based text representation method (Event-Network) , which combines
the characteristics of the graph structure. This method uses events and the relationship between events to represent the

text,and can retain the structure information and semantic information of the text to a greater extent, The experimental
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results show that automatic summary based on the method has better performance.

Keywords Text representation, Graph structure, Event similarity, Event-network
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