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Research of Data Privacy & Security in Map-Reduce Model
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Abstract In analyzing and processing of the large-scale database, it is crucial for protecting the privacy of sensitive da-

ta. In order to analyze the service efficient and security for the mass data with statistical character, the mechanism with

differential privacy was implemented in the Map-Reduce computation model. A decision tree’s generation algorism was
p y g

proposed at the computation model,and proved to satisfy the e differential privacy. The experiment indicates that the

algorism has well classification accuracy and computation efficiency.
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