40 %

LY N I -

Computer Science

>
huftN

2013 4E June 2013

—METABEHEUERT Z

AN kiR
(RBEA¥ BB TIRERELALEE KW 430072 (FEAFCEFZERFLEE 43 100084)2
(HIEFERFEEEEER R R 430205)°

H OE HANAMEZOHERTORNE,BET —AERGBET R, BAIOHE S LRI THLERE A
MG EMHRBEAN, FAE N EF OB ITER, TR ALK, WEARBERFPOHE S HERIBFAHTH
HRERNG—FL, BRIV TREONHLE OO ELH L. FAETHEANR.RET 20 R, TR SFA
oA T REENHE QT ERBIFRS SR,

KEIE KHERE.FHN, ZHEE

fEESHEES TP30L6 Y EERIRE A

A Kind of Efficient Search Method Based on Big Data
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Abstract This paper proposed an efficient search method to the problem of low efficiency for large dada queries. Using
shared history query results as a set of intermediate results, when a new query request arrives, the first match for histor-
ical inquiry is directly added to the matching portion of the historical results for directly as part of the new query result
of the request if achieving matching. It can reduce the large number of double counting query history, save search time
and improve query efficiency. By experimental comparison and analysis show that data based query methods can improve
query efficiency.
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