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Redundant RFID Data Removing Algorithm Based on Dynamic-additional Bloom Filter

DUAN Wen and ZHOU Liang

School of Computer Science and Technology s Nanjing University of Aeronautics and Astronautics Nanjing 210016 , China
Abstract The high redundancy generated by RFID devices in reading tag information will result in pressure of real-time trans-
mission, waste of storage space and unreliable analysis results of upper application. To slove these problems.a dynamic-additional
Bloom filter algorithm (DATRBF) is proposed to remove redundant RFID data. Firstly,combining the characteristics of RFID da-
ta and considering the influence of time and reader, the basic Bloom filter (TRBF) is designed. Then,it is decided whether to ad-
just or add additional TRBF dynamically according to the change of data amount in a fixed time interval,and the misjudgment rate
is controlled within the threshold by expanding bit array with additional TRBF. Finally,combining the two filters to judge whe-
ther the data is redundant or not. The experiment proves that the DATRBF algorithm has obvious advantages over the traditional
Bloom filter (BF) and temporal-spatial Bloom filter (TSBF) when filtering the redundant data stream of RFID. When the data
amount fluctuates randomly, the misjudgment rate of DATRBF is about 49 % of that of TSBF on average,and the DATRBF algo-
rithm can maintain a stable and low misjudgment rate when the data amount continues to rise.

Keywords Bloom filter, RFID,Redundant data, Dynamic additional, Misjudgment rate
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