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Abstract In view of the highly active requirement of Bayesian networks structure learning, a learning strategy was pro-
posed based on cloud genetic annealing algorithm which combines cloud genetic algorithm and simulated annealing algo-
rithm, Update solution operation are accomplished by selection, cloud cross and cloud variation. In view of the shortco-
mings of algorithm being involved into the local optimization untimely, this paper put forward an adaptive cloud cross-

over operation and cloud mutation operator. The simulation shows that the accuracy of learning and operational efficien-

cy are increased.
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