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Attribute Reduction of Decision Systems Based on Indiscernibility Relation and Discernibility Relation

QIN Ke-yun JING Si-hui
(College of Mathematics,Southwest Jiaotong University, Chengdu 610031, China)
Abstract Knowledge reduction and knowledge discovery in the information systems are important topics of rough set
theory. Based on the indiscernibility relation and discernibility relation of decision systems,the judgement theorems for
relative indiscernibility consistent set and relative discernibility consistent set were provided. This paper gave the attri-

bute reduction method by discernibility matrices and discernibility functions,and analyzed it and relevant research work

by means of examples.
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Table 1 Decision table

a b ¢ d e [ D
o0 1 1 1 1 1 1 +
0y 1 0 1 0 1 1 +
0y 0 0 1 1 0 0 +
oo 1 1 1 0 0o 1 -
05 1 0 1 0 1 1 —
[ 0 0 0 1 1 0o -
o 1 0 1 1 1 1 —
og o 0 0 0 1 1 —
[ 1 0 0 1 0 0o -

Hp,U={0;1<i<9) WXL, C={a,bscrdse, fI A
MRS .D MUK IEM ., B X 2, Dmy (x, ) B HARE
LNk 2 g,

2 AHXEASTT X 43 24 7 1) DX 40 46 15

Table 2 Discernibility matrix of relative indiscernibility reduction
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Table 3 Discernibility matrix of relative discernibility reduction

0] 0, 03
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05 de be abd f
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og ef bdef ab
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