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Abstract Data mining approaches have been applied widely in the field of healthcare and most healthcare datasets are
full of missing values. Some missing value estimation methods are introduced in this paper. Five models are built to
improve the efficiency of the prediction: Basic model; Delete straight model; Bayesian estimation model : Bayesian es-
timation iteration model and Bayesian estimation iteration model based on information gain. The models are conducted
and analyzed on Clinics dataset. Decision tree C4.5 and 10-folds cross-validation are used to estimate the perfor-

mances of each model, which shows that use naive Bayesian classifier to predict missing values iteratively in degressive

order of information gain is effective.
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