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Abstract Mining association rules from large databases is an important problem in data mining. FP-growth is a fa-
mous algorithm to mine frequent patterns and it is non-candidate generation algorithm using a special structure FP-
tree. In order to enhance the efficiency of FP-grown algorithm, propose a novel parallel algorithm PFPTC to create

sub FP-trees concurrently and a FP-tree merging algorithm called FP-merge which can merge two FP-trees into one

FP-tree.
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Procedure FP-merge(FP-treel, FP-tree2)
{ while FP-tree2 1 =NULL, do
{ retrieve one item train in FP-tree2 from leaf to root;
n=leaf. count;
Let the item train be [p|PJ, where p is the last element and P is the
frontal list.
Call merge-insert ([p]P]J, FP-treel, n).
Remove the item train from FP-tree2; )}
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Procedure merge-insert ([p|PJ, T, num)

{If T has a child N such that N. item-name = p. item-name
N. count= N.count+num;

Else do

{Create a new node N;

N. count = num;

Let N's parent link be linked to T}

If P is not empty, Call merge-insert (P, N, num);}
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