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Abstract
per. In order to solve these problems,scene context knowledge and prior knowledge of moving object are used.
Bayesian network (BN)is an important tool to depict uncertainty knowledge and infer it- In this paper,BN is used to
describe the scene context knowledge and the prior knowledge of moving object,and to compute thg possibility of

Two problems of moving object extraction using color and motion information are discussed in this pa-

moving object’s size,location,and shape.
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