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Hierarchical Document Clustering Based on SAT Model

LIQu LONG Hao
(Department of Computer Science Huazhong University of Science and Technology , Wuhan 430074)

Abstract A word in a document can be viewed as an item, and hence a group of words is an itemset. While previous
association based clustering works all view a whole document as a single transaction for mining frequent itemsets and
association rules, the basic semantic unit in a document is actually a sentence. Words co-occurring in one and the
same sentence are usually associated in one way or the other, and are more meaningful than the same group of words
spanning several sentences in the document. Based on the above intuitions, we present a novel document clustering
method called SAT-TC where each sentence in a document is viewed as a transaction and the document is hence a set

of transactions. The effectiveness of proposed SAT -TC method has been demonstrated better than traditional clus-

tering algorithm by extensive experimental studies using popular benchmark text collections.
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(1st) Federal Reserve Board Chairman Paul Volcker
said reducing the federal budget deficit was a more important
goal for Congress than drafting trade legislation.

(2nd) “Reduce the budget deficit,” Volcker responded
when asked by a member of the Senate Banking Committee
about trade legislation priorities.

(3rd) “If you don't deal with the budget deficit, every-
thing else you do is going to be counterproductive,” he said.
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{volcker, reduc, trade. legisi, budget}

{volcker, reduc, trade. legisi, deficit}

{volcker, reduc, trade, budget. deficit}

{volcker, trade, legisi, budget, deficit}

{reduc. trade. legisi, budget, deficit}
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IRSHEFERR/DEIFENIRE FHBREXMEUYE
B F{E p W% E . 7F Reuters IEE LFTH —HILBER
m#El,

&1
NO. eERRMERE H{E p F-Measure
1 0.0225 0.75 0. 342
2 0. 035 0.7 0. 358
3 0. 040 0.7 0. 344
1 0.0225 0.7 0. 383
5 0.0225 0.8 0. 327
B 0.0225 0. 65 0. 363
Average 0.353

FAHAIFE CLUTO 2. 1B AR A F a3 Bi k-
means ﬁﬁTpﬁéﬁi—gﬁ yBi k-means %Eﬁ‘i)\m%ﬁﬁaﬁé@
EBMREMANR HERMKRR.

&2
NO. AN F-Measure
1 30 0. 35
2 60 0. 30
Average 0. 325

MR ETLLE S, AU BEZERT Bl k-means, 7
Sb B F Bi k-means FREEXENRETE B ERES
HEEXHERR WRIMEENRATX — T EERY
AR A .
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EHEE AN XERLAETANAENREEREL R
R R EEMN TAEN TN RT O XAR LT E B
k-means BUG T EH B BFE.
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