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A Novel Approach Supporting Multi-image Queries in Image Retrieval

FANG Fang LI Jin-long WANG Xu-Fa
(Department of Computer Science and Technology, University of Science and Technology of China, Hefei 230027)

Abstract One of the key issues in content-based image retrieval is the disparity between high-level semantic concepts
and low-level image features. Relevance feedback is an effective technique to bridge “the great semantic gap”. A novel
relevance feedback approach is proposed in this paper. By analyzing the scatter of the positive images in the feature
space, similar images are calculated in a projected space, corresponding to a subspace of the feature space where the im-
ages belonging to the semantic group distribute more closely. Moreover, the projected space is adjusted to the informa-

tion of each round of feedback, thus improving the system’s retrieval performance. Experimental results on the large

Corel image collection show that this algorithm achieves a good retrieval performance in querying multi-images.

Keywords Content-based image retrieval (CBIR), Relevance feedback, Multi-image query
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