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Missing Value Estimation Based on ICA in Data Mining
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Abstract This paper introduces the study state of missing data as well as ICA”s characteristics and foreground in
brief, proposes a model, which is named as ICA-MDH model in this paper, based on ICA which is used abroad to dis-
pose missing data under the circumstances of that data remain correlative and non-Gaussian distribution. This model
takes full use of the known information of the given data to estimate missing data. By dealing with some economic data,
the experiment verifies the results that ICA method is much better than PCAs and mean method, validating the correct-

ness and reasonableness for the proposed model in this paper.
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