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Abstract The recommender system is used by E-commerce sites to supply information to the customer in order to help
them decide their choices. It’s primary idea is to predict the potential behavior of the customer and give related recom-
mendations, based on statistical data and behavior logs of the customer in the last. This paper introduces briefly the
recommender system based on traditional technologies and Web mining technologies, It describes the processes of the
recommender system based on Web mining technologies, analyzes the Web mining technologies used in recommender
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systems and the comparison between their algorithms. This paper is a survey.
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BRE—HETHFEROXEREFE COSA, EXFHER
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