D000 http://www.cqvip.com|

HEHLES 2005Vol. 32No. 12

EFn EFRERAREFFIEUEESE

7 B =

£ BRE

(BHAF¥THEERETFHLHHAZ ) M 510632)

B E AAHARN - SR TRXGELAEB BFEAT R RTFRIANME, LT RFEXZ Q045
FAa A R ARSI TR R TATHRAERG T %, FRAA ATHRAERGEE SR

KA kAT LR AR LR LR RS

*xE HEAA BT, RTHEX

n-th Order Template-Based Matching Algorithm for Time Series

TANG Yin PENG Hong ZHENG Qi-Lun
(Lab of E-Commerce, College of Management, Jinan Univ, ,Guangzhou 510632)

Abstract Based on definitions of 1st and 2nd order of irreducible pattern of time series, this paper deduces n-th order

of irreducible pattern, where partial relationship of similarity within these patterns is examined. These patterns enable

more refined comparison between sequences, based on which we propose Template-Based Matching Algorithm. The

experimental result has verified distinct advantages over some similar and classical approaches both in accuracy and per-

formance.
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