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The Roughness Measures of the Fuzzy Rough Sets
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(Computer Faculty of Guangdong University of Technology, Guangzhou 510090)

Abstract In this paper, the orughness measures of rough sets is studied. Firstly, the roughness mesures of Pawlak

rough sets is analysized in detail,and a inclusionexclusion principle on rough sets is obtained. We also extend these re-

sults to fuzzy rough sets, which is some significance for deeply study of fuzzy rough sets theory.
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Comparison with the Three Types of Discernibility Matrix

LIU Qi-He LIFan YAN Junr-Hua YANG Guo-Wei
(College of Computer Science and Engineering, University of Electronic Science and Technology of China, Chengdu 610054)

Abstract The discernibility matrix is an important concept in the rough set theory and is the basis of computing the
core and reducts of decision tables. Inconsistent data in decision tables results in the different definitions of discernibili-
ty matrix. In this paper, the relationship between inconsistent deision tables and consistent decision tables is analyzed,
and the method which can convert inconsistent decision tables into consistent decision tables is presented. The equiva-
lent definition about any two types of discernibility matrix is proposed. Based on these results above, the relationship of
three types of discernibility matrix is discussed and some properties are proved, The properties show that the three
types of discernibility matrix can be unified based on the converting method and the equivalent definition, so one can use
only method to construct the discemibility matrix in practice.
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