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Abstract

By analyzing the algorithm from candidate itemsets to frequent itemsets in the association rules, we introduce

the lattice theory and its some conceptions and present a improved algorithm called close algorithm which prevent from

generat from a large number of candidate itemsets, and deduce the number of database passes. Based on the empirical

result, we compare the Apriori algorithm with this improved algorithm. Experimental results demonstrate the more ef-

ficiency of the novel algorithm to the special database.
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(1)generators in FCCy<{1—itemsets}//4 i FCC; "} &Y generators,
generators AL EFTH KN 1 IIE

(2)for(i=—1; FCCigenerator#(; i+ +) do begin

(3) closures in FCCi<{;

(4) supports in FCCi=0

(5) FCCi<Gen-Closure(FCC,);//18 8| — 4 generator B N4
REZHE

(6> forall candidate closed itemsets c€ FCC; do begin
(€2 if (c. support=> minsupport) then //{N# ¢ R4 EKITE
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(8 FC«FCU{cl; //# ¢ IFAFC

(9) end

1o FCCis1Gen-Generator (FC)) 5 / /4 FCC+1 #1119 generator
(11) end

(12) Answer FC—UJJ={ 1 {FCj. closure, F(j. support};

#i%£ 2 GenClosure HE

(1) forall objects 0€ O do begin

(2)  Gg < Subset ( FCC;. generator, { ({0}));//#5 generator J& {
oy 74, HIFA Go

(3) forall generators pE€ Gy do begin

4 if (p. closure={) then

(5) P. closuref«<—({o});

(6) else p. closure<—p. closurNef({0});
(D) p. support + +

(8) end

(9end

(10)Answer<U{ ¢€ FCC;|c. closure={} 5
Hi% 3 Gen-Generator ¥

(D)insert into FCCi+1. generator

(2)select p. iteml, p. item2,++-, p. itemi, g. itemi

(3)from FC,. generator p, FC;. generator q

(4) where p.iteml = q. iteml, -+, p. itemi-]1 = q. itemi-1, p, itemi<C
q. item;

(5)for all generators p&€ FCCi+ ;. generator do begin

(6) for all i-subsets of p do begin

(&) If (s€& FC;. generator) then

8 delete p from FCCi~;. generator;

(9 end

(10)end

(11)for all generators p&€ FCCi+1. generator do begin

(12)Sp+Subset(FC,;. generator,p);

(13) for all s€S; do begin

14 if (pSs. closure) then

(15 delete p from FCCi+1. generator;

(16) end

(17)end

( 18) Answer«U(cG FCC;-L1 } H
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(1 k=—0;

(2)for all frequent closed itemsets c€ FC do begin

(3 Lycr=Lyes Ulc);//#BEHTMERBRERA L
(4) Hk<|lcll) thenk—{c} ;

(5)end

(6) for(i==k;k>1;i—) do begin

(7) forall itemsets c€ 1; do begin

(8) forall (i—1)-subsets s of ¢ do begin

€D if (s€1;-1) then begin

[@T0)] S. SUPPOrt<—c. support;

an Lici<LiaiU{sls /¥ s A LB
a2 end

13 end

(14) end

(15) Answer<—Ji=kL ;
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