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Image Denoising Using Prethresholding Wiener Filtering

LU Rui-Hua! YANG Ming?
(School of Electronics and Information Engineering, Southwest China Normal University, Chongqing 400715)?!
(8chool of Computer and Information Science, Southwest China Normal University, Chongqing 400715)?

Abstract This paper introduces the statistical errors occurring in Wiener filtering and presents possibility of improv-
ing Wiener filtering performance in image denoising using prethresholding as a processing step. The results obtained
by standard Wiener filtering, inverse filtering and prethresholding Wiener filtering in degenerated image processing
show that in image restoration standard Wiener filtering is better than inverse filtering and prethresholding Wiener is

much better than both standard Wiener filtering and inverse filtering.
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Abstract This paper proposes a new Wavelet Multi-scale Fuzzy Competitive Edge Detection algorithm (WFCE).
Based on the advantages of less noise and pinpoint in the multi-scale field, the novel algorithm applies multi-scale fil-
ter and competitive fuzzy rules to edge detection effectively, holds the image details and improves the noise proof fea-
ture. Compared with traditional edges and competitive fuzzy edge detection, WFCE achieves better results, especially

on the noise proof feature facet.
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