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An Improved Scan Line Polygon Filling Algorithm

ZHANG Yu-Fang LIU Jun PENG Yan
(Department of Computer Science, Chongging University, Chongqing 400044)

Abstract Typical polygon filling algorithm mainly includes scan line filling algorithm and area marks filling algorith-
m,and scan line filling algorithm suits vetor polygon filling. This paper makes some research on old and common poly-
gon filling algorithm,and proposes an improved scan line polygon filling algorithm—mixed filling algorithm, which has
the both advantages of traditional and AET scan line polygon filling algorithm on complicated and mass data polygon
filling. This algorithm adapts both list table structure and array structure,and can form unbroken filling line,and is
time efficiently.
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