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Abstract In most cases,the decision rules inducted by rough set models are unacceptable as laws to classify new ob-
jects. Approximate decision rules and partial matching rules are proposed to overcome this problem. This paper dis-
cusses two typical algorithms for the generation of approximate rules and comparatively analyzes their performance as
proven by one case study. Furthermore,one more efficient algorithm is developed based on the two algorithms. This
paper also describes the general measures used for matching rules,and a set of formulae are defined for complete
matching and partial matching of decision rules according to dependency coefficient in rough set theory. The experi-
ments show that the proposed approximation algorithm and measures for matching rules can further improve the

matching possibility and correctness of basic decision rules generated based on rough set theory.
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A1 CWT HELHANSHT RE S
L AEAE | ZHAXEY | SHAXEH | S+ | WETHE | TGS | 868 0e | TR et
AXEER ol 4 19 24 399 16.6 103 4.3
FRSHk 02 6 0 7 121 17.3 18 2.6
555 03 10 37 48 778 16. 2 206 4.3
BES5HKN 04 16 71 88 1470 16.7 362 4.1
RN SE SN 05 11 45 58 904 15. 6 232 4.0
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A2 AR g RN A Mk AR
%8 01 02 03 04 05 07 08 10 11 12 13 14
EHRER 0.49 0.39 0.58 0.69 0. 65 0.42 0.58 0.66 0.50 0.61 0. 64 0. 49
LXK 0. 32 0. 44 0.31 0. 33 0.43 0. 35 0.28 0. 20 0. 30 0.22 0. 20 0. 33
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*H 01 02 03 04 05 07 08 10 11 12 13 14
| R
WE=09 0. 50 0.42 0. 61 0. 69 0.66 0. 45 0.58 0. 67 0.63 0.62 0. 64 0. 50
=08 0. 62 0. 49 0.71 0.77 0.76 0.61 0.74 0.78 0.63 0.72 0.76 0. 65
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WE=0.9 0. 25 0. 21 0.28 0.27 0.32 0- 30 0.21 0. 20 0.26 0.15 0.12 0.24
W{E=0.8 0. 35 0.47 0. 35 0.38 0. 48 0-39 0.36 0. 44 0. 39 0.28 0.32 0. 41
WE=0.7 0.28 0.24 0.29 0. 29 0.33 0.32 0.24 0.20 0.26 0.17 0.17 0.25

+ 130


http://www.cqvip.com

£ OO0 http://www.cqvip.com|

A5 Grzymala-Busse ik ¢5 i & M 62545

=] 0l 02 03 04 05 07 08 10 11 12 13 14
ZHHEX 0.45 0. 39 0.57 0. 64 0. 62 0. 40 0.55 0. 64 0. 49 0.57 0.61 0.47
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input standard decision rules (D—rules)

generate approximate rules (B—rules) of D—rules with Bazan’s
algorithm

Integrate D—_rules and B—rules into C—rules

generate approximate rules (G_rules) of C—rules with Grzy-
mala-Busse's algorithm

Integrate C_rules and G—rules into F—rules

Compute the consistency coefficient of F—rules

Delete the rules from F_rules for consistency coefficient<C de-
fined threshold

Output F—rules
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%5 01 0z 03 04 05 07 08 10 1 12 13 14
AR 0.65 | 059 | 0.74 | o084 | 0.81 | 0.65 | 0.74 | 079 | 071 | 0.77 | 0.83 | 0.69
ELX 0.45 | 0.55 | 0.42 | 0.39 | 0.47 | 0.47 | 0.3 | 0.29 | 0.40 | 0.42 | 0.38 | 0.45
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A7 HRARRAMNTA LR TGS REAR R LETRS

#*H 01 02 03 04 05 07 08 10 11 12 13 14
X 0. 49 0. 41 0.59 0.70 0.73 0.48 0. 63 0. 66 0-52 0. 67 0. 65 0.52
ALK 0. 33 0.42 0. 33 0. 33 0.44 0.37 0. 31 0. 22 0. 31 0. 29 0. 25 0. 36
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%H 01 02 03 04 05 07 08 10 11 12 13 14
XK 0.71 0. 65 0.79 0. 86 0.83 0.77 0.79 0. 87 0.77 0.81 0. 86 0.78
LXK 0.50 0.57 0. 49 0.54 0.60 0.57 0. 40 0. 39 0. 42 0. 45 0. 44 0.55
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