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Abstract Aiming at BP algorithm’s drawbacks that it is essentially a local optimization algorithm,a novel and global
optimization algorithm, Adaptive Tabu Search,is proposed to train feed-forward neural networks. This algorithm im-
proves the quality and efficiency of training neural network by adjusting dynamically the numbers of intensification el-
ements and diversification elements in candidate list and by the cooperating of neighborhood and candidate list. Taking

the classical XOR problem as an example,a compare investigation is implemented. It shows that this algorithm has

obviously superior convergence rate and precision compared to the BP algorithm.
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