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Abstract

WANG Shi?

SPEA (Strength Pareto-Optimal Evolutionary Algorithm) is a Multi-Objective Evolutionary Algorithm

(MOEA). Compared with other MOEA's, it has the advantages of fewer parameters and well-distributed solutions in
objective function spaces. In this paper, a new multiple-chromosome crossover operator and a Cauchy mutation opera-
tor are introduced into SPEA to speed up the algorithm. The convergence of the algorithm is also presented for the

first time. The effectiveness of the improved SPEA is proved by our experiments.
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