HHAYLEL2005Vol. 32N2. 4

£ OO0 http://www.cqvip.com|

#T Skowron 5 BASEMERRENERZE

ERB Rhk
(EPHBFARENENFREEES FREF R KIX430074)

W OE AMARARough £ZRHCHARZ—, HEMANARYRCERIENANP LLRM . AL ATSR
Bi6 %M, 4 Skowron S E G A L B E T RIHBREXAHARIIE, AARETHAMAARYRGE
B RSV AEEERAN, AU RAEAX R IERATARLETERRS,

XA Rough £, 4 M 44 8 47 8L X

A Fast Algorithm for Reduction Based on Skowron Discernibility Matrix

WANG Yuan-Zhen PEI Xiao-Bing
(Institute of Database and Multimedia , Department of Computer Science, HuaZhong University of Science & Technology , Wuhan 430074)

Abstract

Attribute reduction is one of the basic contents,it is NP-complete problem to calculate all attribute reduc-

tions. Based on dividing and conquering thought, the judgement theorem with respect to minimal disjunctive normal
form is obtained based on Skowron discernibility matrix,from which an algorithm for all attribute reductions is pre-

sented. Theoretical analysis and experimental results show that the algorithm is much more efficient in comparison

with those existing algorithm.
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Postoperative Patient 90 g 0.109 0.25
Hayes-Roth Database 132 6 0.172 0. 344

Balance-scale database 625 5 5. 609 183. 437
Teaching Assistant Evaluation 152 6 0.232 0.297
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Research on Named Entity Recognition
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Abstract Named Entity Recognition (NER), as the important foundation of Text Processing, has become a key
technology of Natural Language Processing (NLP). It has made a great impetus to the research of NLP with its
method and result. Moreover, NER has built a more effective connection between NLP theories and applications.
This paper will review the history of the research, analyze the methods and technologies and give a view of the future

of NER.

Keywords Named entity recognition (NER), Hidden markov model (HMM), Maximum entropy model (ME)

1 5|

MERNERUREHEF XA ZNA B8
MIEBHEANMNEERBERT RN, AMTETRE
—EEHTAFNHTEEGFELE.FERBR.EER
R HBHE UWEASFEAEREXHERT=EN.E
X R, — 3 [F) T2 A A M E R 6 B R
(Named Entity Recognition) , iy 45 SR §IVE N X E1F I
EREEHARLATOHXBER BERGIIANNE
BHXE HESHEERRA— M LIHH RS, COL-
ING200288 & %] fr & LR F £ 2B

E—RXES T EFREXNEETR EEHRT
NENTEAS HLTERRFIRN XEFHITEROIRT
e BEERHNNWARSEREMIGFEN—RFI T, B
MAEREMB P MRR A LR EE MEKFTRIRFI L
BEREEXHERT RENERMEHEHANER  HE
NAKBEE”,“FH4" “MT4amR” “ERE"FH, XE
ERMAEEMAE BUAXETRRILRERE T
ZEERF]; X, A SHFT AL LANBIEETES
HLE BT, AL ERG CoRERE N ERET L
HPMkgER. Bibdk X ska L TE R EARFRBGH £

MBREFTIMHTHAE R ERBEE—RE.

FEXHERB—-THLLERFGERMEENHEZE,
REN B LERROTEMER,F4TESREN
HELERANRE . BREMB L LR RANFTREZHETT
RE.

2 W BEIRA B RE

2 LEKIRF B R MUC-6(Message Understanding
Conference) F#EN— M FHEFRE N . HLLTHKIRFESH
FERERFIEXAFEANETHEHNAE X HREEGIE
FLLA%. BriB i % F LAk (Named Entity) EEGIE L&
(HEL AL #B) M EFERERX (. ED HFEEER
RTEBHBOFREIM B2 LR AFMOHRERT
5 BIREXMBF R AKX IRFAS X8, TN
H HIENEHISSFOERES M FEETHARE.
AL 2, BARRAEFREMERENSF S, TEBER
BERBRXOEES, FULRIXTRSARSHEERIN
EAERSHNHELERIGHRBET THI=FHEL
EERFIRRBRR.

MELFRIARESCELFR-TEMNRRIE. B
ZHANEREGLEBIRN - TEEER  HABETRER

OFREBPER S HE AT KL BRI RIPBI(2001AA114110) 3582 Wt4  TEFRIEIERETLEE £ B+, RHER,
FEREFEAIELETLE G HUREBRAE KL, 882 B4 0, TEFRIRIATEE SHHHLERME.

BY FAARAEMREAMER, hE Rough £E®
MBELCARZ— R HR CEWIENRE NP T ME.
A RERENEM E AHT B/MTBERX A E E
H AMRETHAGEREARN TS BRI HMLRE
RER, ZOMMETEAELRRAENRELEREER.

2 #F X m

1 Pawlak Z. Rough sets. International Journal of Computer and In-

o 44 o

formation Science,1982,11(5):341~356

2 Wong S K M, Ziarko W. On optimal decision rules in decision ta-
bles. Bulletin of Polish Academy of Sciences,1985(33):693~696

3 Skowron A,Rauszer C. The discernibility matrics and function in
information system. In: Slowinski R,ed. Intelligent Decision Sup-
port Handbook of Application and Advances of the Rough sets
Theory. Dordreecht: Kluwer Academic Publishers, 1991. 331 ~
362

4 XI#. Rough #8 % Rough #E3H. Jt 5. Bl H i+, 2001

5 %ﬁﬁ,iﬁﬁ,ﬁﬁﬂkﬁ?ﬂi BARNREESHE LK HEd

» 2001


http://www.cqvip.com

