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Abstract WWW is now the largest distributed information system in the world, and how to find useful information
is always a hot topic for researchers. Web mining has become an important branch of data mining. This paper mainly
discusses mining technologies used in Web searching- The paper begins with talking about popular technologies in
Web content mining, and then focuses on algorithms and models on Web structure mining. Then Web usage mining is

briefly discussed. In the end the author advances that the technologies in Web content mining, Web structure mining

and Web usage mining will be combined to develop intelligent search engines.
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