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Abstract How to construct a novel major,called Data Science and Big Data Technology,is one of the hot topics in Chi-
na. An in-depth analysis on typical universities was conducted including University of California,Berkeley,Johns Hop-
kins, Washington University, New York University,Stanford University,Carnegie Mellon University,Columbia Univer-

sitysand City University of London. And then,ten core courses of Data Science and Big Data Technology were identified

and described. Finally, eight common misunderstandings in existing data science curriculum were proposed,and the solu-

tions were provided respectively.
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