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The Research of United Model of Knowledge Discovery State Space and Its Application
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Abstract There are both associations and differences between structured and unstructured data mining. How to unite
them together to be a united theoretical framework and to guide the research of knowledge discovery and data mining
has become an urgent problem to be solved. On the base of analysis and study of existing research results,this paper
puts forward the United Model of Knowledge Discovery State Space (UMKDSS),and associates the structured data
mining and the complex type data mining together. UMKDSS can provide theoretical guidance for complex type data
mining. An application example of UMKDSS is given in the end of this paper.
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